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Table 1 Quantitative results on Phoenix14T dataset

DTW-MJE | BLEU-1 BLEU-2 BLEU-3 BLEUA4
PT (w/o data augmentation) 0.1383 9.583 3.787 1.642 0.692
PT 0.1276 11.388 5.782 3.569 2.077
Proposed - LLaMA3 (w/o assistance) 0.1204 12.861 6.105 3.719 2.636
Proposed - LLaMA3 0.1056 13.366 6.462 4.239 3.151
Proposed - Qwen2 (w/o assistance) 0.1051 12.950 6.129 3.865 2.813
Proposed - Qwen2 0.1038 13.022 6.131 4.136 3.107
Groundtruth 0.0000 30.730 20.995 15.522 12.298

Table 2 Quantitative results on How2Sign dataset

DTW-MJE | BLEU-1 BLEU-2 BLEU-3 BLEUA4
PT (w/o data augmentation) 0.1905 4.609 2.351 1.108 0.561
PT 0.1733 5.490 2.744 1.262 0.628
Proposed - LLaMA3 (w/o assistance) 0.1406 9.963 5.044 2.476 1.058
Proposed - LLaMA3 0.1371 10.419 5.264 2.348 1.116
Proposed - Qwen2 (w/o assistance) 0.1422 9.971 5.041 2.329 1.097
Proposed - Qwen2 0.1397 10.532 5.278 2415 1.140
Groundtruth 0.0000 11.230 5.469 2.500 1.228
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Der Donnerstag wird dann ;i‘c;llig krass, da erwarten wir Unwetlér

- in Deutschland und grofe Temperaturunterschiede, sechs bis . . ) , .

% zwanzig Grad (Thursday is going to be very intense and we What you're going to do is you're going to take both your arms

expect bad weather in Germany with a big temperature difference  and they're going to come underneath your legs.

between 6 and 20 degrees.)
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Table 3 Experimental results on PHOENIX14T and CSL-Daily dataset for gloss—free SLT (one-to—one SLT)

PHOENIX14T CSL-Daily
Methods Dev Test Dev Test
BLEU ROUGE BLEU ROUGE BLEU ROUGE BLEU ROUGE
Gloss-free
NSLT+Luong (Camgoz et al, 2018)  10.00 32.60 9.00 30.70 7.96 34.28 7.56 34.54
CSGCR (Zhao et al., 2022) 15.08  38.96 1518 3885 - — - -
GFSLT-VLP (Zhou et al,, 2023) 2212 4372 2144 4249 11.07  36.07 11.00 3644
Sign2GPT (Wong et al, 2024) - - 2252 4890 - - 1540  42.36
Fla-LLM (Chen et al, 2024) — - 2309 4527 - - 1420 3725
SignLLM (Gong et al, 2024) 25.25  47.23 2340 4449 1223 39.18 1573 3991
Baseline 2259 4988 2252 49.85 1223 36.39 1176 36.25
Ours w TxtCTC 2418 5174 24.23  50.60 13.66  39.33 1418  40.00
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